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Abstract

Reduction of ambient noise using active noise control

Yuichi Hirata

The noise canceller with the adaptive filter is used to remove the noise. This method is
suitable for the space with sparse characteristics, but not suitable for the commonly used case of
learning identification, because for this case it results in a low performance of noise-canceling.

Therefore, in this research, by using an adaptation algorithm for the feature of the sparse-
ness character of an acoustic feature in consideration of the sparseness nature which pays atten-
tion aims at the improvement in the performance of noise canceller.

In a proposal system, the adaptation algorithm which does not need prior information is
used also in the adaptation algorithm in consideration sparseness nature called DPAPNLMS.

It is confirming that noise is removed completely by performing computer simulation the

proposed system as compared with the conventional learning identification method.

key words  NoiseCanceller DPAPNLMS(Dynamic Parameter Adjust CtPNLMS) Ambient-

noise Sparseness
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